Haen

HPE Ezmeral

Data Fabric 271

HPE EZMERALO|2t?

7|20] Edge0lIA Cloud0il O|27|77tX| =X MA|Q| CX|E FMsHe
7t536IEE AA1E MER BEHE L ATDEQH ZEZZR
Maximizing Value from the HPE Ezmeral Data Fabric Data Platform “ According to IDC, HPE Ezmeral Data Fabric ROl is over 576% *
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HPE Ezmeral Data Fabric — File System
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s o7 HDPaEt:';EbEﬁZ:j;?[ Hadoop  IBM GPFS Sé[r’lfr ;\'net‘;" (leehg;‘icl‘;n'(f‘s Public Cloud
Software Offering On Standard Servers Yes Yes - Yes - -
Global Namespace Yes - Yes Yes - -
High Speed Client/Ingestors Yes - Yes - - -
Trillions Files Yes - - May be - -
Inline Compression Yes Optional Yes - - Yes
NFS (RW) Yes - Yes Yes Yes Yes
Analytics Module (Hadoop, Spark, Drill, more) Yes Yes - - - -
Massive Scale (100s Nodes & PBs) Yes Yes Yes Yes - -
Object(S3) Yes - Yes Yes Yes yes
Erasure Coding Yes Roadmap Yes Yes Yes Yes
Flash Optimized File system Yes - - - Yes -
Docker Container support Yes - - - - Yes
Faster Rebuilds on 1-2 Disk Failures Yes - - - - -
Fast Rebalancing on Node Outage Yes - - - - -
Billions of Snapshots Yes - - - - Yes
Rack Awareness Yes Yes - Yes - -
Self Healing Yes - - Yes - -
Fine Grain Multi Tenant ACEs Yes ACLs - - - -
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Business Value
Highlights

5¢ )
five-year ROI

higher productivity for
Impacted developers

less unplanned downtime

lower five-year cost of
operations for data analytics
platform

202010C. wwwidccom | Page

Taking a Short Path to Value:
The Business Value of the MapR
Data Platform

IDC OPINION

For over 10 years now, many organizations of sfl sizes have derived considersble benefit from
concentrating large amounts of data in data lskes and creating a variety of applications that can
perform analytics on that data. Often, however, the community open source Hadoop and its
constellation of Apache projects have been found to form a hard-to-manage and cumbersome
analytics enviranment. Some analytics are very difficult to perform with reasonable
performance and scalability on Hadoop. This is due to a fundamental kmitation of the platform:
HOFS is an append-only sequential file system. This forces all analytic processes to read every
record in order to do the job.

Various software vendors have provided enhancements and workarounds to address this
problem, but despite these efforts, many, i not most, users today collect and curate their dsta
o Hadoop but move it to other environments, such as object storage dhusters with Spark. to
do their analytics. Real-time streaming data may need to be moved to specialized data engines

that support time series analysis

All this data movement, and the al detail d, makes for complicated manual

processes that are fraught with the possibity of human error and that increase the time
interval between acquiring and curating the data and getting real value from the data. What
can wimphiy this picture, enabling far less operational complexity and affording much lower
time to value, is a data platform that can provide support for a range of analytics across diverse

data types without messy and time-consuming data maverment and transformation

The MapR Data Platform is an example of such a platform. It was built with its foundation in a
new flesystem which is compatible with the HDFS AP! but offers more. MagR was scquired in
August of 2019 by HPE, where the MapR Data Platform serves as an important element of the
WPE Container Platform. MapR Data Platform offers an alternative approach 1o large-scale data

Ingestion, curation, and analysis that is designed to be more scalable and cost effective than
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ANALYZE THE FUTURE

Mearmhile, intervewed MapR customers also need less staff time o manage and suppart the
platform an an cngong basis. fin average, they attibuted 2 47% efficency io Maph, thereizy
helpeng their arganizsticns extend their analybcs capabdlities withaut Bringeng in addibanal
staff One interviewed arganization discussed the basis for significant (T siaff efficiencies. “Moph

apé] * Several orgarszations also noted that they have

g with Map#l ging their

ROI Analysis

I0C based ts AOH analysis on Intarviews with crganizations that are sing the Maph Deta
Plarform as an analytcs platiorm 80 support he businesses. Based an these interviews, I0€
s calcul ted the berwits and costs (= thess organiaations of deplying and using the Maph
Data Patiorm compared veith their previous snsironments fses Appencia for detals of 0C's

business value methedology)

10C's analyses of the benefits and costs related ta use of the Maph Data Platfarm by interveraed
‘arganizations is presented in Table & On average, IDC projects that these Mapf customers wil
achiewe five-year discounted benefits warth §76.71 mill

per rganization (208 milkon per
100T) in higher employes productivity, incressed revenue, and reduced casts. Thas compares

‘with total fve-year dacounted imvestment costs that inchude Mapht icensing and hardware

ey, staff tame casts for deplaying and managing Mapf, and third-party expernes of §11.49

million per arganization ($0.31 millicn per 100TA, These kevels of berefits and investment costs

HI0I0C. wwwideom | Page 13
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Enterprise-wide Al, ML, Analytic Data Service

HPE Ezmeral Data Fabric Data Platform Approach
Benefits
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Enhanced Security Using Data Science
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Autonomous Automobile Program
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Edge—First, loT & Analytics With Hybrid Cloud

= HPE Ezmeral Data Fabric Edge= O|X| ZX[0|A 24 24 H2|E
ot &2 HX| 2t 73

O|o =0} XI=

HPE Ezmeral Data Fabric Pub-sub H|0|E AEZ|2E2 SU &S

AI I=lk10 OloH J\EEIOI XIE'E O'IIII_%EI'—?-E E”OIE_I %*._IO‘" ﬂ
S5l 42N
- DE 0X|= S2RELQ HZAE O 2 I{E 29| A=Y
- HUE|E 7} |7 7|7, MQ 24t &K
et HPE E LD
% ata Falz)rr]iqce Sjge “F TensorFlow
Spoﬁ::{ Caffe

External
> ppplication

HPE Ezmeral Data F
abric Data
Platform

Pub-sub

1\
/ HPE Ezmeral D p® messaging
ata Fabric Edge
3 HPE Ezmeral D
% ata Fabric Edge
4
P4

HPE Ezmeral Data F

abric Data
Platform

XH =
I}O| I 2}0] Al
= 200,000 7H2] HIA

BN 0| A AIA|ZH |O|E{ 4%
» U EIZ H|0E 2|0|3.2F A= KX A2
GIOIE{2{0] =201l CHEF GPU 7143 241

= =

SEHAIZH
S0 Mt

ZEA

[ 0 T8

s}

oM 7t

|[E=d

= |I'I

=

X

==

= 30 27t 0P =F H[O[H &
ks SKI AR Ha

CrX

HIZLIA Tt - 2 £

SAIAIZF 22

& SHY, HIZLA Z2MHAFI[AIZHEZ, IS

Why HPE Ezmeral Data Fabric Wins

Y & W2 AP AAZ 2 v EBM, ML AIS 9l v HOIZ oISt HE
GHIOJE 4 % St FHeolst K2 GlOlE R

v HHEA AMA TR

X0

v 29

OHZ (70140
S 5 AE

2

_‘]6_

Haen



Edge—First, loT & Analytics With Hybrid Cloud
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